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Introduction: In the U.S., HIV acquisition risk is highest among men who have sex with
men (MSM). Syndemics, psychosocial problems that interact with each other and poor
health behavior, are additively associated with increased condomless anal sex, HIV
incidence, and HIV prevalence among MSM. However, information about how these
syndemics interrelate with each other is under-explored.
Methods: To examine the associations between nine syndemics in 194 MSM at high risk
of HIV acquisition, we examined bivariate polychoric correlations, and then compared
exploratory factor analyses (EFA) to a network analysis. Syndemics were assessed by
self-report measures. Network analyses (presented graphically) consist of variables,
called nodes, and the partial associations between variables, called edges. This
regularized network employed the graphical LASSO algorithm and Extended Bayesian
Information Criteria with a hyperparameter of γ=.5 to produce a graphically parsimonious
yet sensitive network.
Results: Correlation analyses revealed many associations between syndemics, but this
was not always the case. EFA suggested that the 1-, 2-, and 3-factor solutions were
possible based on various methods for determining potential factor solutions. However,

the 1-factor solution appeared to be the most appropriate for these data, in which suicidal
ideation (SI), injection drug use (IDU), depression, social anxiety, intimate partner
violence, substance use, and sexual compulsivity had substantial loadings (≥.30). A
pattern of interconnectedness emerged in this network analysis, which revealed that the
relationships (absolute edge weights) between SI and IDU (b=.52, SD=.22, 95% CI[.17,
.93]), IDU and substance use (b=.41, SD=.18, 95% CI[.18, .85]), social anxiety and SI
(b=.30, SD=.36, 95% CI[.06, .77]), and depression and SI (b=.27, SD=.14, 95% CI[.05,
.62]), were all significant. The most central nodes were SI, IDU, substance use, and
depression.
Discussion: This is the first study to compare network analysis to EFA in syndemics. It is
also one of the earliest studies to conduct a network analysis of syndemics to describe the
interrelatedness of conditions, beyond additive associations. Network analysis may be
methodologically preferable to EFA in examining the interrelatedness of syndemics
because it provides measures of centrality, which can potentially indicate the conditions
that drive increased HIV acquisition risk, and lends itself to a visual presentation of the
interrelatedness among these intertwined problems. This study therefore has the potential
to provide better understanding of the ways in which syndemics, among high-risk MSM,
interrelate and, subsequently, affect health behavior.
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Chapter 1: Introduction
HIV Risk in Men Who Have Sex with Men
When the human immunodeficiency virus (HIV)/acquired immunodeficiency
syndrome (AIDS) pandemic began, AIDS was considered a terminal illness and
prognosis was extremely poor. Since its discovery, much progress has been made in
understanding, defining, and treating HIV – the virus that causes AIDS. However, despite
these advances, HIV remains a significant global concern. Overall, since the HIV/AIDS
pandemic began, approximately 78 million individuals seroconverted to HIV-positive
status, and approximately 35 million people died from AIDS-related causes (UNAIDS,
2016). Globally, it is estimated that by the end of 2015, approximately 36.7 million
people were currently living with HIV worldwide (UNAIDS, 2016). In the United States
alone, as of 2015, there were over 1.2 million people living with HIV (Centers for
Disease Control and Prevention, 2015). HIV is a significant pandemic, and efforts to
decrease HIV acquisition risk are needed, especially for those at highest HIV acquisition
risk.
One group in which efforts to decrease HIV acquisition risk are especially
important are men who have sex with men (MSM), as they are the group with the greatest
HIV acquisition risk in the United States. MSM accounted for approximately 70% of all
HIV incidence in 2014 (Centers for Disease Control and Prevention, 2018a), and recent
estimates suggest that MSM are 83 times more likely than exclusively heterosexual men
to have received a diagnosis of HIV at some point in their lifetime (Centers for Disease
Control and Prevention, 2016). One factor that contributes to the high HIV acquisition
risk for MSM is condomless anal sex. With respect to sexually transmitted HIV,
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engaging in condomless anal sex confers the highest HIV acquisition risk, compared to
all other types of condomless sex (Centers for Disease Control and Prevention, 2018b).
The high HIV acquisition risk associated with condomless anal sex is due to a number of
biological factors, such as the rectum being made of a thin mucous membrane that is
susceptible to HIV and is prone to small tears due to friction, which allow HIV to more
easily enter the blood stream (Wilton, 2011).
Psychosocial Risk Factors for Unprotected Sex in MSM
Decades of research to date have examined risk factors for condomless anal sex
among MSM. A number of factors, such as psychosocial conditions, indirectly contribute
to the increased HIV acquisition risk among MSM by increasing the likelihood of
engaging in condomless anal sex (e.g., Safren, Reisner, Herrick, Mimiaga, & Stall, 2010).
However, not all psychosocial conditions confer the same risk for engaging in
condomless anal sex. Substance use, injection drug use, heavy alcohol use, and
depression are each associated with increased risk of HIV acquisition (Koblin et al.,
2006), as are childhood sexual abuse (CSA; Mimiaga et al., 2009), intimate partner
violence (IPV; Mustanski, Garofalo, Herrick, & Donenberg, 2007), and posttraumatic
stress (e.g., Safren, Blashill, & O’Cleirigh, 2011). Moreover, even within a given mental
health condition, the relationship between severity of the condition and risk for engaging
in condomless anal sex may not be linear. Depression, for example, appears to have a
curvilinear relationship with sexual risk-taking behavior (e.g., condomless anal sex).
MSM with moderate levels of depression are at higher risk for engaging in sexual risktaking behavior than are those with low levels or those with high levels of depression,
both among HIV-negative (Koblin et al., 2006) and HIV-positive (O’Cleirigh et al.,
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2013) populations. Given the complexity of the relationship between certain psychosocial
conditions and increased HIV acquisition risk via an increase in risk of sexual risk-taking
behavior, it is important to consider the prevalence of psychosocial conditions among
MSM.
Findings suggest that MSM are at significantly higher risk of having at least one
mental health and/or psychosocial condition (e.g., depression, substance use, IPV, CSA
etc.) than are exclusively heterosexual men over their lifetime (e.g., Gilman et al., 2001;
Safren et al., 2010). Furthermore, as mentioned previously, these psychosocial conditions
may be related to increased HIV acquisition risk behavior among MSM (e.g., Mustanski
et al., 2007; Reisner et al., 2009; Rogers et al., 2003). In other words, not only are MSM
at disproportionately greater risk for having a psychosocial condition at some point in
their lives than are exclusively heterosexual men, but having a psychosocial condition is
also related to increased engagement in HIV acquisition risk behavior. As detailed below,
the increased HIV acquisition risk evidenced among MSM appears to exist within, and be
exacerbated by, mental health and/or psychosocial conditions. Therefore, further research
on the relationship between psychosocial conditions and HIV risk among MSM is
needed.
Theory of Syndemic Production
The term “syndemic” was first used by Singer (1994) to describe the factors
contributing to the HIV/AIDS crisis as a “set of synergistic or intertwined and mutual
enhancing health and social problems” (p. 933). In other words, the comorbid
psychosocial conditions (e.g., depression, substance use, IPV, CSA, etc.) that comprise a
syndemic are thought to interact synergistically to confer greater risk for poor health
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outcomes, above and beyond the risk conferred by only one psychosocial condition (Stall,
Friedman, & Catania, 2008). In the specific case of HIV acquisition risk behavior, one
theory poses an explanation for syndemic production among MSM.
The theory of syndemic production among MSM (Stall et al., 2008) employs a
developmental perspective in explaining the etiology of syndemics among this
population. The theory posits that, from childhood through adulthood, MSM experience a
number of stressors (e.g., internalized homonegativity, microaggressions, overt
discrimination, etc.), which place them at an increased vulnerability for experiencing
psychosocial problems as they develop. Indeed, research has found that increased
marginalization was associated with increased number of syndemic conditions in this
population (Ferlatte, Hottes, Trussler, & Marchand, 2014). In turn, once an individual
experiences one psychosocial condition, he or she has an increased likelihood of
experiencing at least one other psychosocial condition (Kessler et al., 2005), thus
comprising a syndemic. As MSM experience comorbid psychosocial syndemic
conditions, the theory subsequently posits an increased likelihood of developing a
physical health condition, such as HIV (Stall et al., 2008).
Studies of Syndemic Conditions and their Association to HIV Risk in Men Who
Have Sex with Men
The theoretical link between the presence of psychosocial syndemic conditions
and increased risk for HIV acquisition is indeed empirically supported. To date, much of
the research on the relationship between psychosocial syndemic conditions and HIV risk
in MSM has been cross-sectional (e.g., Bränström & Pachankis, 2018; Ferlatte et al.,
2014; Hirshfield et al., 2015; Martinez et al., 2016; Mimiaga, Biello, et al., 2015;
Mustanski et al., 2007; O’Cleirigh et al., 2018; Parsons et al., 2017; Parsons, Grov, &
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Golub, 2012; Stall et al., 2003). This body of research, despite occurring among MSM
with a variety of different age groups, demographic characteristics, and in various
countries, generally suggests that increasing numbers of psychosocial syndemic
conditions are related to increased HIV acquisition risk behavior. Specifically, an
increase in the number of syndemic conditions endorsed is consistently associated with
an increase in odds of (a) engaging in condomless anal sex (Ferlatte et al., 2014; Martinez
et al., 2016; Mimiaga, Biello, et al., 2015; Mustanski et al., 2007; Parsons et al., 2012;
Stall et al., 2003), (b) having multiple sexual partners (Martinez et al., 2016; Mustanski et
al., 2007), (c) engaging in group sexual encounters (i.e., 4 or more partners in one sexual
encounter; Hirshfield et al., 2015), and (d) of being HIV-positive (Mimiaga, Biello, et al.,
2015; Mustanski et al., 2007; O’Cleirigh et al., 2018; Parsons et al., 2012; Stall et al.,
2003). In addition, an increasing number of syndemic conditions is associated with an
increase in the number of medical visits and overall medical care cost in one year among
both HIV-positive and HIV-negative MSM (O’Cleirigh et al., 2018).
Overall, syndemic conditions are additively associated with increased HIV risk,
though some cross-sectional studies have found more nuanced effects regarding the
relationship between the number of syndemic conditions and HIV risk – providing
evidence for the synergistic effects of syndemic conditions on HIV risk. One crosssectional study among 1,470 MSM age 30 or under in Canada demonstrated the same risk
of engaging in condomless anal sex among participants with zero or one condition.
However, compared to these individuals, the risk of engaging in condomless anal sex was
significantly higher among those with two or three or more syndemic conditions (Ferlatte
et al., 2014). Similarly, in a cross-sectional study of 1,211 MSM in New England
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(O’Cleirigh et al., 2018), one condition was associated with no increase in the odds of
being HIV-positive, compared to zero conditions. Yet, among individuals with two
syndemic conditions there was a 1.6-fold increase in the odds of being HIV-positive, and
a 2.5-fold increase in odds for those with three to four syndemic conditions (O’Cleirigh et
al., 2018). Lastly, in a large sample comparing gay- and bisexual-identified men to
heterosexual-identified men in Sweden (Bränström & Pachankis, 2018), results suggest
the relationship between the number of syndemic conditions and the likelihood of being
HIV-positive is non-linear among gay-identified men. As the number of syndemic
conditions increased, the likelihood of being HIV-positive also increased, though these
increases were above and beyond what would be expected given the difference between
zero and one condition, assuming a linear relationship. Overall, the increase in HIV
acquisition risk appears to occur in the presence of two or more syndemic conditions, and
increases in a non-linear function, providing evidence for the theory of synergistic
interaction among syndemic conditions. However, given the cross-sectional nature of this
research, temporality cannot be established.
There is an emerging set of longitudinal studies examining temporality of the
association of syndemics to HIV risk and HIV acquisition in MSM, which therefore
provide more robust evidence for potential causality. The first longitudinal study
examined the associations between syndemic conditions and HIV prevalence and
incidence among 1,292 MSM in Bangkok, Thailand (Guadamuz et al., 2014). Follow-up
assessments were conducted every 4 months for up to 3.8 years from baseline. The
syndemic conditions assessed for were a history of being raped, lack of social support,
suicidal ideation and/or behavior, “club” drug use, frequent use of alcohol to intoxication,
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and engaging in sex work. Cross-sectional results of this study are similar to other crosssectional findings and support an association between an increasing number of syndemic
conditions and increasing HIV prevalence and condomless anal sex. Additionally, a
longitudinal association was found between syndemic conditions and HIV incidence,
such that compared to those with zero syndemic conditions, those with four or five and
those with one to three were significantly more likely to seroconvert (i.e., become HIVseropositive) throughout the course of the study (Guadamuz et al., 2014). In other words,
greater number of syndemic conditions at baseline was related to increased HIV
incidence over the course of the study. This longitudinal association between increasing
numbers of syndemic conditions and increasing odds of HIV incidence supports the
directional and synergistic effects of syndemic conditions on increased HIV acquisition
risk.
The second published longitudinal study of syndemics and HIV risk and HIV
acquisition among MSM utilized data from a larger intervention trial (project EXPLORE;
Koblin et al., 2006), and this study examined the relationships between syndemic
conditions and risk of engaging in HIV acquisition risk behavior, between syndemic
conditions and risk of HIV seroconversion, and interrelationships between the syndemic
conditions themselves among 4,295 HIV-negative MSM in six U.S. cities (Mimiaga,
OʼCleirigh, et al., 2015). Follow-up assessments were conducted every 6 months for 4
years from baseline. The syndemic conditions assessed in this study were depressive
symptoms, CSA, heavy alcohol use, stimulant drug use, and polydrug use. Results of this
study provide additional longitudinal support for an additive association between
syndemic conditions and HIV seroconversion, such that increases in HIV seroconversion
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risk were significantly positively related to increasing number of syndemic conditions.
Those with four or five conditions evidenced the greatest relative risk of seroconversion,
followed by those with three, then two, and then one condition(s). This positive
association was also found between syndemic conditions and unprotected anal sex in the
same pattern of increasing number of syndemic conditions and increasing risk. These
findings provide further support for the temporality of the effects of syndemic conditions
preceding increased risk of engaging in high risk HIV acquisition behavior and in
seroconversion by treating the syndemic measure as time varying and examining the
number of syndemic conditions just prior to seroconversion or unprotected anal sex. This
study also examined the baseline value of syndemic conditions and the relationship to
seroconversion and unprotected anal sex over follow-up, but found no significant
differences between using baseline values or time varying values of syndemic conditions,
nor found statistical or meaningful differences between the number of syndemic
conditions one had at baseline or over follow-up. Additionally, this study also specifically
investigated which combinations of syndemic conditions conferred the greatest risk of
seroconversion and found 18 high-risk combinations. Of these 18 high-risk combinations,
15 contained stimulant use as a syndemic condition, suggesting that stimulant use may be
a relatively key driving factor of increased risk in the context of syndemic conditions.
Another longitudinal study also examined the relative contribution of specific
conditions to syndemic production of HIV risk to determine potential key syndemic
conditions in relation to increased risk of engaging in condomless anal sex. In this study,
450 young MSM (YMSM) between 16 and 20 years old were recruited in Chicago and
completed assessments at baseline and approximately 6 and 12 months later (Mustanski
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et al., 2017). The syndemic conditions assessed in this study were analyzed as indicators
of three latent constructs: substance use (indicators were binge drinking, alcohol use
disorder, and polydrug use), violence (indicators were gay-related physical abuse, IPV,
and CSA), and internalizing mental health (indicators were suicidal ideation, major
depressive episode, and internalizing anxious/depressed). The substance use, violence,
and internalizing mental health latent constructs were subsequently analyzed as indicators
of a second-order primary syndemic component latent construct. The model
demonstrated adequate fit (comparative fit index [CFI] = 0.93; root mean square error of
approximation [RMSEA] = 0.03; weighted root mean square residual [WRMR] = 0.85).
Results suggest that although each first-order latent construct provided information to the
primary syndemic component, substance use provided more information than either the
violence or internalizing mental health constructs. And, in the full model, the violence
construct did not remain a significant indicator of the primary syndemic component.
Associations between this primary syndemic component at baseline and number of male
condomless anal sex partners at the 6-month follow-up as well as HIV incidence (i.e.,
seroconversion) at the 12-month follow-up were also analyzed. Results of these analyses
indicate a positive association between the primary syndemic component at baseline and
number of condomless anal sex partners at the 6-month follow-up, but no relationship
was evidenced for HIV incidence at the 12-month follow-up (Mustanski et al., 2017).
Overall, findings of this study also suggest a more nuanced relationship than a purely
additive association between syndemic conditions and HIV acquisition risk, as some
factors explained more variance in the primary syndemic component (i.e., substance use
and internalizing mental health) than did others (i.e., violence).
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Indeed, some have conceptualized the use of additive association between
syndemic conditions and HIV acquisition risk as a limitation of this research. Tsai and
Burns (2015) argue that, in an additive association, the increase in engaging in HIV
acquisition risk behavior from two to three syndemic conditions would be equivalent to
the increase from three to four syndemic conditions. However, these authors state such
equivalence is theoretically in contrast to the concept of syndemics put forth by Singer
(1994), in which the sum of the effect of syndemic conditions is thought to be greater
than the total of each individual condition’s effect. In other words, Tsai and Burns (2015)
suggest that additive associations do not statistically account for the synergistic effects of
syndemic conditions on HIV acquisition risk. Instead, these researchers propose the use
of multiplicative models that, statistically speaking, better account for interaction effects
between conditions. An additive approach may be more practical in evaluating risk,
though the multiplicative approach may allow for testing synergistic effects. However,
there is a major limitation to note of this methodology given the current literature
available on syndemic conditions and HIV acquisition risk: Exactly which syndemic
conditions should be specified to have an interaction? As an emerging field of study,
there are discrepant findings across studies of syndemic conditions and HIV acquisition
risk, and there is a lack of a standard set of syndemic conditions and assessments of such
conditions examined across studies (Tsai & Burns, 2015; Tsai & Venkataramani, 2016).
Therefore, it is difficult for researchers to select variables a priori for interaction terms
because which syndemic conditions are interrelated or not related is largely unclear.
Indeed, few studies have examined potential clusters or classes of syndemic
conditions that may be most relevant to increased HIV acquisition risk. Previous
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examination of more specific groups of syndemic conditions has mostly employed
theoretical relationships between constructs to group those of a similar nature (e.g.,
grouping alcohol use, injection drug use, and polydrug use together as a substance use
group of syndemic conditions). For example, in Mustanski et al.’s (2017) longitudinal
study, described previously, structural equation modeling was employed to determine
relative contributions of first-order latent constructs of overarching types of syndemic
conditions (with each latent construct consisting of three syndemic condition indicators
that are theoretically similar to one another), to a second-order latent construct of a
primary syndemic component. Yet, this methodology does not account for interaction
between specific syndemic conditions of different theoretically derived groups.
In another approach, using latent class analyses, one study cross-sectionally
examined relationships within syndemic conditions to assess for the presence of classes
of syndemic conditions among a sample of 669 MSM in New York City (Starks, Millar,
Eggleston, & Parsons, 2014). Results of these latent class analyses did not identify any
patterns of interrelationships between specific syndemic conditions. Instead, the latent
class analysis solution with the best model fit split the sample into two classes based on
the number of syndemic factors endorsed, such that those with zero to two syndemic
conditions were grouped into one class and those with three or more were grouped into
the other class (Starks et al., 2014). In other words, by splitting the sample into two
classes, as either low (0-2) or high (3 or more) on syndemic conditions, the authors
conclude that these findings actually provide further evidence of the additive approach to
examining the relationship between syndemic conditions and HIV acquisition risk.
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However, as described below, latent class analysis is not the only statistical approach to
investigating potential interrelationships between specific syndemic conditions.
Network Analysis
Network analysis is a statistical approach that may be helpful in examining
interrelationships between syndemic conditions. Although network analysis has only
recently been applied to health psychology research (Choi, Batchelder, Ehlinger, Safren,
& O’Cleirigh, 2017; Santos, Fried, Asafu‐Adjei, & Ruiz, 2017), it is a versatile statistical
approach, capable of examining a wide variety of relationships between variables
(Borsboom & Cramer, 2013). Previously, network analysis has often been used to
examine social interactions among individuals (e.g., Scott, 2017) as well as to examine
symptomatology of disorders (e.g., Cramer, Waldorp, van der Maas, & Borsboom, 2010).
Network analysis is presented graphically, and consists of nodes (circles representing any
type of variable) and edges (lines representing any type of relationship between nodes).
Relationships between nodes are entered into an adjacency matrix in which all nodes are
the rows and columns (Borsboom & Cramer, 2013). Using this matrix, a graphical
depiction of the network is produced, and several graphical features of the network are
used in its interpretation. The thickness and darkness of an edge represent the strength of
the relationship, such that the thicker and darker an edge, the stronger the relationship
between two nodes. And, the closer two nodes are depicted together, the stronger the
relationship (Rhemtulla et al., 2016). In addition to the graphical representation, network
analysis also provides empirical information on which nodes are most closely related to
one another, and which nodes are most central to the overall construct of interest.
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Network analysis provides indices of centrality that suggest how much direct
connectivity a given node has in a network. Nodes with more connections are more
central in a network, and more central nodes are potentially more important in a network
than are less central nodes (Borsboom & Cramer, 2013; Rhemtulla et al., 2016). Three
centrality indices are produced in network analysis: betweenness, closeness, and node
strength (Boccaletti, Latora, Moreno, Chavez, & Hwang, 2006; Rhemtulla et al., 2016).
Betweenness centrality is a measure of the path length of indirect connections between
nodes, such that a node with high betweenness is on the shortest path indirectly
connecting other nodes. Closeness centrality provides information on how close a node
is, on average, to the other nodes in the network; a node with high closeness is, on
average, nearest to the other nodes. Lastly, node strength is a measure of the overall
strength of the relationships a node has with the other nodes. Node strength is calculated
by adding the weights of each direct connection for a given node (Rhemtulla et al., 2016).
Additionally, node strength is considered to be the main centrality index as it provides an
empirical value indicating which nodes are the most influential in a given network
(Opsahl, Agneessens, & Skvoretz, 2010). Given the assumption in network analysis that
edges between nodes represent bidirectional relationships, nodes with high centrality may
be the most clinically relevant targets of intervention as these central nodes are associated
with much of the interrelationships in a network (Rhemtulla et al., 2016).
Much of the literature to date on network analysis of psychological conditions
examines interrelationships between symptoms of one or more disorders, rather than
between psychosocial conditions of a syndemic (Choi et al., 2017; Cramer et al., 2010;
Epskamp & Fried, 2016; Rhemtulla et al., 2016). The use of network analysis to examine
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symptomatology is appealing because, conceptually, it does not require the use of latent
variables to explain the covariance between variables. Instead, network analysis assumes
that nodes interact with and reinforce one another (Borsboom & Cramer, 2013; Cramer et
al., 2010). In other words, network analysis of symptomatology treats symptoms not as a
measurement of a disorder, but rather as part of the disorder itself (i.e., the network is the
disorder). Thus, the use of network analysis to examine interrelationships between
psychosocial conditions in the context of a syndemic is conceptually analogous to
examining symptom—disorder interrelationships. Indeed, given syndemic theory, the
concept in network analysis that nodes are mutually interacting and reinforcing is
statistically appropriate for examining interrelationships between syndemic conditions.
Proposed Study
Taken together, research to date on the relationship between syndemic conditions
and HIV acquisition risk among MSM has provided evidence for many questions, but has
also raised and left many others largely unanswered. As previously mentioned, crosssectional studies among MSM have generally shown a positive association between
number of psychosocial syndemic conditions and HIV acquisition risk behavior or odds
of being HIV-positive. Although causality and temporality cannot be determined, these
cross-sectional studies have used additive models to examine the relationship between
number of syndemic conditions and HIV acquisition risk. This relationship, though,
appears to be more nuanced, and evidence of the synergistic effects of syndemic
conditions has also been demonstrated by a non-linear relationship between increases in
numbers of syndemic conditions and increases in HIV acquisition risk behavior or the
likelihood of being HIV-positive. In addition, although limited in number, longitudinal
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studies among MSM have also shown increasing odds of HIV incidence and of engaging
in condomless anal sex for those with greater numbers of syndemic conditions. These
longitudinal studies also begin to address the risk associated with specific syndemic
conditions, identifying a substance use-related syndemic condition, specifically stimulant
use, as an important factor contributing to increased risk. Moreover, research has also
investigated clusters or classes of syndemic conditions. These clusters have been
theoretically derived, not empirically, and classes have divided differences in risk not by
specific conditions or patterns of conditions, but rather by the number of conditions,
which further replicated the additive work of cross-sectional studies. To date, there is a
paucity of research on which specific syndemic conditions are most related to increased
HIV acquisition risk, which are most related to one another, and subsequently which
often appear to cluster together in the context of syndemic conditions to increase risk.
As a first step, further research is needed to examine the interrelationships
between psychosocial syndemic conditions. Therefore, the aims of the present study,
presented below, will be examined. As these aims are all exploratory, a priori hypotheses
will not be tested.
Aim 1: To examine correlations between psychosocial syndemic conditions.
Aim 2: To compare network analysis to exploratory factor analysis (EFA) for
examining interrelationships of psychosocial syndemic conditions.
Aim 3: To explore the interrelationships between psychosocial syndemic
conditions using network analysis. In order to investigate this aim, direct and indirect
relationships between psychosocial conditions will be examined, as will the node strength
centrality index.

16
The three types of analyses outlined above (i.e., correlations, EFA, and network
analysis) provide similar, yet unique, information. Correlations will provide information
on the strength and statistical significance of associations, allowing for preliminary
examination of the interrelationships between syndemic conditions. EFA will examine
for factor structure solutions, which determine the number of different latent factors
among the interrelationships between syndemic conditions. In addition to a number of
factors, EFA also provides information regarding which syndemic conditions better fit
into a given factor and are more closely related. Lastly, network analysis, which utilizes
the correlation matrix generated in the preliminary analyses, provides a graphical
representation of the interrelationships between syndemic conditions. This graphical
representation is interpretable, as it contains information on the strength of relationships
via both edge weight and darkness as well as location. In other words, because the closer
together two nodes are, the stronger the association is between the two, network analysis
contains a sort of geography such that the location of one node in relation to another is
important information. Additionally, network analysis also provides indices of centrality,
which provide measures of the degree to which a node influences other relationships in
the network. Overall correlation, EFA, and network analysis provide complementary
information that each distinctly and uniquely add to the understanding of the
interrelationships between syndemic conditions.

Chapter 2: Method
Participants and Procedures
Data for the present study were from the baseline visit of a longitudinal study that
sought to identify acute HIV infections via frequent at-home HIV testing as described
elsewhere (Blashill et al., 2016). Eligible participants were: 18 years or older, assigned
male sex at birth, HIV-negative, and self-reported behaviors that would place them at
high risk of acquiring HIV. Individuals were considered at high HIV acquisition risk if, in
the past 6 months, they had condomless anal sex with an HIV-positive or unknown status
male partner, had anal intercourse with 4 or more different male partners, had a sexually
transmitted infection (STI) and intercourse with a male partner, or engaged in the
exchange of money, shelter, drugs, or gifts for anal intercourse with a male partner.
Participants were ineligible if they were currently using or planning to use preexposure prophylaxis (PrEP) to reduce the likelihood of HIV acquisition, or were
currently or had previously participated in an HIV vaccine trial and received the
vaccination. In order to participate, eligible participants completed an informed consent
process at the beginning of the baseline visit. All study procedures were approved and
reviewed by the institutional review board at Fenway Health.
Interested individuals engaged in a pre-consent screening procedure to assess
potential eligibility. Those who may be eligible were invited to complete a baseline visit,
at which they completed computer assisted self-interview (CASI) self-report
questionnaires as well as HIV voluntary counseling and testing.
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Measures
Suicidal ideation. Suicidal ideation was measured via 1 item from the 9-item
depression severity scale of the Patient Health Questionnaire (PHQ-9; Spitzer, Kroenke,
Williams, & and the Patient Health Questionnaire Primary Care Study Group, 1999).
Responses were indicated on a 4-point Likert-type scale from 0 (not at all) to 3 (nearly
every day). However, due to a low prevalence of any suicidal ideation, responses
indicating any suicidal ideation, were combined and recoded as 1 (at least several days).
Responses were then retained as a dichotomous measure of presence of any suicidal
ideation in the past 2 weeks.
Depression. Depression was assessed using the other 8 items from the PHQ-9
(Spitzer et al., 1999). Participants indicated responses to items regarding frequency of
experiencing different depressive symptoms in the past 2 weeks. Item responses were
made using a 4-point Likert-type scale from 0 (not at all) to 3 (nearly every day).
Responses were summed to create a continuous score of depressive symptoms, with
higher numbers indicating increased depressive symptoms.
Social anxiety. Social anxiety was assessed using the 17-item Social Phobia
Inventory (Connor et al., 2000), which measures severity of social anxiety symptoms.
Participants indicated the severity using a 5-point Likert-type scale from 0 (not at all) to
4 (extremely). Responses were summed, resulting in a continuous score of the severity of
social anxiety symptoms.
Sexual compulsivity. Sexual compulsivity, defined as an individual’s ability to
control sexual thoughts and behaviors, was measured via the 10-item Kalichman Sexual
Compulsivity Scale (Kalichman et al., 1994). Responses were indicated on a 4-point
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Likert-type scale in which responses range from 1 (not at all like me) to 4 (very much like
me). Responses were summed to create a continuous score of the likelihood of sexual
compulsivity, with higher scores corresponding to increased likelihood.
Substance use. Substance use was assessed using a 1-item novel measure of
frequency of use in the past 3 months for each of the following substances:
methamphetamine, cocaine or crack, other stimulants, opiates, hallucinogens,
phencyclidine or ketamine, tranquilizers or sedatives or hypnotics, poppers, other
inhalants, and any other substance. Participants indicated the frequency of use of each
substance on a 6-point Likert-type scale from 0 (didn’t use) to 5 (several times a day).
Responses indicating at least once daily use (i.e., 4 [about once a day] and 5 [several
times a day]) were combined. Also, across substances, only the maximum value for
frequency of use of any substance was retained, resulting in one 5-point categorical
measure of frequency of substance use in the past 3 months, such that increasing values
indicate increasing frequency of substance use.
Injection drug use. Injection drug use (IDU) was measured using a 1-item novel
measure of frequency of use via injection in the past 3 months for each of the following
substances: methamphetamine, cocaine or crack, other stimulants, opiates, phencyclidine
or ketamine, and any other injected substance. Participants indicated the frequency of
IDU of each substance on a 6-point Likert-type scale from 0 (didn’t use) to 5 (several
times a day). Responses indicating a frequency of at least once per week were combined.
Only responses for the most frequently used substance were retained, creating one 3point categorical measure of the frequency of IDU in the past 3 months. Larger values
correspond to more frequent IDU.
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Heavy drinking. Heavy drinking, defined as 5 or more drinks on one occasion,
was assessed using a 1-item novel measure of frequency in the past 3 months.
Participants indicated the frequency of engaging in heavy drinking on a 6-point Likerttype scale from 0 (didn’t use) to 5 (several times a day). Responses indicating heavy
drinking several times per week or daily were combined. Responses were retained as a 4point categorical measure of frequency of heavy drinking in the past 3 months, such that
increasing values indicate increasing frequency of heavy drinking.
Childhood sexual abuse. Childhood sexual abuse (CSA) was measured via a 3item measure that assesses for the experience of various events as a child, following the
Finkelhor definition (Finkelhor, 1994). Items assessed for a history of ever having a
wanted or unwanted, with or without contact, sexual experience with an individual 5
years older or more when 12 years old or younger, and/or, with an individual 10 years
older or more when 13-16 years old (Lenderking et al., 1997). Endorsement of any of
these items was retained as a dichotomous measure of presence of CSA.
Intimate partner violence. Intimate partner violence (IPV) was assessed using a
4-item measure, which was adapted from a measure used in the HPTN061 study
(Williams et al., 2015). Participants indicated responses to items assessing frequency of
having experienced stalking, emotional, physical, and/or sexual abuse from an intimate
partner on a 5-point Likert-type scale from 0 (No) to 4 (Yes, this always happened).
Responses indicating a frequency of often or always were combined and the maximum
value for frequency of IPV of any type was retained. A 4-point categorical measure of
IPV was retained and higher scores indicated greater frequency.
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Statistical Analysis Plan
All analyses were conducted in R, version 3.3.2 (R Development Core Team,
2016). The following packages were used in analyses: qgraph (Epskamp et al., 2017),
ggplot2 (Wickham & Chang, 2016), dplyr (Wickham, Francois, Henry, & Müller, 2017),
mgm (Haslbeck, 2017), bootnet (Fried, 2017), NetworkComparisonTest (C. D. van
Borkulo & Millner, 2016), IsingFit (C. van Borkulo, Epskamp, & Robitzsch, 2016), readr
(Wickham, Hester, & Francois, 2017), polycor (Fox, 2016), foreign (R Core Team et al.,
2017), stats (R Development Core Team, 2016), magrittr (Bache & Wickham, 2014), psy
(Falissard, 2012), nFactors (Raiche & Magis, 2011), sem (Fox et al., 2017), psych
(Revelle, 2018), GPArotation (Bernaards & Jennrich, 2014), and Hmisc (Harrell Jr.,
2018).
Preliminary analyses. Correlations between syndemics were computed first.
Polychoric correlations were employed to estimate associations between psychosocial
syndemic conditions. Polychoric correlations are appropriate when examining
relationships between dichotomous variables, categorical variables, and mixed data in
which one or more variables is categorical (Holgado–Tello, Chacón–Moscoso, Barbero–
García, & Vila–Abad, 2010). Correlations were tested for statistical significance.
Exploratory factor analyses. EFA was conducted to examine potential factor
structure solutions for these psychosocial syndemic conditions. An oblique rotation
(promax) was used to examine these data because oblique rotations allow for
investigation of correlation between factors, whereas orthogonal rotations do not allow
for such correlation (Costello & Osborne, 2005; Kline, 2011). Given the synergistic
nature of syndemic conditions, as specified in syndemic theory, it was assumed that
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factors may be correlated. Additionally, as there are a number of methods for determining
which factor solution to choose (Ledesma & Valero-Mora, 2007), several different
methods for evaluating factor solutions were employed: Horn’s (1965) parallel analysis,
which suggests a number of factors for a solution based on the number of components
with eigenvalues greater than that of the parallel analysis; the number of factors at which
the scree plot of the eigenvalues elbows (Cattell, 1966); and Kaiser’s (1960) rule, which
suggests a factor solution given the number of eigenvalues greater than one.
Consideration was given to following the EFA with a confirmatory factor analysis
(CFA). However, in the ideal scenario, if a clear EFA solution emerged, conducting a
CFA would involve collecting new data and conducting the CFA using this new sample
(Kline, 2011).
Network analysis. In the network analysis of the present study, edges represent
bidirectional partial polychoric correlations between nodes, which represent psychosocial
syndemic conditions. Partial polychoric correlations were employed to investigate edges
that may provide evidence for potential direct causal relationships between syndemic
conditions because partial polychoric correlations statistically control for all other
syndemic conditions in the network, thus resulting in information about only the
relationship between two syndemic conditions that remains after such statistical control is
applied (Borsboom & Cramer, 2013). In addition, the use of partial polychoric
correlations allows for investigation of edges in the network that may indicate
information regarding possible direct causal relationships (Borsboom & Cramer, 2013).
The exploratory, regularized, partial polychoric correlation network analysis utilized the
graphical LASSO (glasso algorithm; Mazumder & Hastie, 2012), as well as an Extended
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Bayesian Information Criteria (eBIC) hyperparameter of γ=.5 to produce a graphically
parsimonious yet sensitive network (Epskamp & Fried, 2016). Employing glasso
regularization and setting the eBIC hyperparameter to γ=.5 produces a network with
higher specificity (i.e., fewer spurious connections are estimated) and higher sensitivity
(i.e., fewer true connections are estimated), as compared with a smaller hyperparameter
(e.g., .1 or 0; Epskamp & Fried, 2016). Edge weight significance testing was determined
by examining the 95% confidence intervals, which were estimated using bootstrapping
techniques. The network was also examined for clusters of disorders. In addition, as node
strength is the main indicator of centrality, it was examined to determine the most central
nodes.
Missing Data. On measures in which 75% or more of the data were present, the
average score for items with responses was calculated and multiplied by the total number
of items in that measure to calculate an imputed total score. If data were missing for more
than 25% of items on a measure, that measure was considered missing. There were 10
cases for which the total score for the measure of social anxiety was imputed. With
respect to missing data that could not be imputed, there was one case for the measure of
social anxiety and two cases for the measure of suicidal ideation that were considered
missing and excluded from the analyses.

Chapter 3: Results
Descriptive Statistics (Table 1)
Participants were 197 men with available baseline data. However, 194 cases were
used in the analyses, as there were no missing data on the measures of syndemics for
these individuals. The average age of the participants was 36.6 (SD = 11.64). With
respect to race, participants were predominately White (71.6%), and the next largest
racial group in the sample was Black/African-American (20.6%). Additional participant
characteristics are presented in Table 1, as are descriptive statistics for the syndemics. For
example, the mean depression score was 4.26 (SD = 5.16) and the mean social anxiety
score was 11.32 (SD = 12.75). The majority of participants had no suicidal ideation in the
past 2 weeks (90.2%) and had no IDU in the past 3 months (90.2%). Additionally, many
participants had no substance use in the past 3 months (45.9%), though most had used
substances in the past 3 months with varying frequencies (see Table 1).
Preliminary Analyses: Correlations (Table 2)
We first computed polychoric correlations between syndemics. Polychoric
correlations were employed to estimate associations between dichotomous variables,
categorical variables, and mixed data in which one or more variables is categorical
(Holgado–Tello et al., 2010). The polychoric correlation matrix is presented in Table 2,
revealing multiple significant correlations between the syndemic conditions. For
example, there were large correlations between suicidal ideation and IDU, suicidal
ideation and depression, depression and social anxiety, suicidal ideation and social
anxiety, as well as IDU and substance use. However, not all syndemics were correlated.
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For example, CSA was only correlated with depression, and of low magnitude, and with
substance use. Similarly, heavy drinking was only correlated with substance use.
Exploratory Factor Analyses (Table 3)
Overall, factor analyses revealed the 1-factor solution as the only admissible
option for the factor solution. Given the number of methods for determining the factor
solution to choose, other factor solutions were examined. In Horn’s (1965) parallel
analysis, correlation matrices were generated from randomly selected variables from the
observed data, and these correlation matrices were used to generate average eigenvalues.
The average random eigenvalues were compared to the observed eigenvalues, and
parallel analysis suggests that factor solutions with observed eigenvalues that are greater
than the randomly generated eigenvalues should be retained (Hayton, Allen, & Scarpello,
2004). Results of the parallel analysis suggested only the 1-factor solution as a potential
choice, as the first component had an observed eigenvalue greater than that of the parallel
analysis (see Figure 1), but the second component did not (Ledesma & Valero-Mora,
2007). However, the scree plot of the eigenvalues (Figure 1) elbowed at two factors,
suggesting both the 1- and 2-factor solutions as potential choices (Cattell, 1966; Ledesma
& Valero-Mora, 2007), with two factors as the maximum number of components that
should be retained (Ledesma, Valero-Mora, & Macbeth, 2015). Although examination of
the scree plot suggested that the 2-factor solution was a potential choice, the 2-factor
solution was inadmissible because it contained a factor loading greater than 1.0 with
uniqueness near zero (Kline, 2011). In contrast, per Kaiser’s (1960) rule, there were three
eigenvalues greater than 1.0, suggesting the 3-factor solution as an additional potential
choice. However, the 3-factor solution was also inadmissible due to a factor loading
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greater than 1.0 with uniqueness near zero. Given the inadmissibility of the 2- and 3factor solution, despite the suggestion that they may be potential options, only the 1factor solution is presented. The full 1-factor solution is shown in Table 3. However, for
clarity, only factor loadings with an absolute value ≥ .30 are reported in text (Costello &
Osborne, 2005).
The 1-factor solution yielded a factor that suggests substantial loading onto one
factor for many of the syndemics, but several were not included. Specifically, the 1-factor
solution returned a factor consisting of substantial loadings (≥.30) for suicidal ideation,
IDU, depression, social anxiety, IPV, substance use, and sexual compulsivity, which
accounted for 28.1% of the total variance. Heavy drinking and CSA did not have
substantial loadings in the 1-factor solution. Accordingly, this factor solution does not
yield much information about how different syndemics might be associated with each
other.
Network Analysis (Figure 2)
The results of the network analysis are depicted in Figure 2, which revealed a
pattern of interconnectedness among syndemic conditions. In the current network
analysis, as previously stated, edges represent bidirectional partial polychoric correlations
between syndemics. Overall, 24 edges are represented in the network out of a total of 36
possible edges. Thus, the network appears relatively dense. No clusters of syndemics
were apparent, as eight of the nine nodes each have four or more edges. Significance of
edge weights was determined by evaluating the bootstrapped 95% confidence intervals,
and those 95% confidence intervals that did not contain zero were considered to be
significant (95% confidence intervals for all edges are presented in Figure 3). The results
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of the network analysis suggest four specific significant positive bivariate associations
(absolute edge weights) between syndemics: suicidal ideation—IDU (b=.52, SD=.22,
95% CI[.17, .93]), IDU—substance use (b=.41, SD=.18, 95% CI[.18, .85]), social
anxiety—suicidal ideation (b=.30, SD=.36, 95% CI[.06, .77]), and depression—suicidal
ideation (b=.27, SD=.14, 95% CI[.05, .62]). With respect to the 20 non-significant nonzero edges represented in the network, because the estimation using an (eBIC)
hyperparameter of γ=.51 is designed to obtain a sparse solution, non-significant edges do
not necessarily indicate that these relationships are not present. In contrast, the evidence
suggests that the edges not represented in the network were not present in this sample.
In addition to the graphical representation of the network, we also computed
centrality measures (depicted in Figure 4). Correlations between the three measures of
centrality (i.e., betweenness, closeness, and strength) were computed. Results suggest that
correlations between centrality measures were highly correlated: strength and closeness (r
= .93), strength and betweenness (r = .91), and closeness and betweenness (r = .91). As
all three measures of centrality (i.e., betweenness, closeness, and strength) were highly
correlated and generally followed a similar pattern in the current analysis, and as node
strength is the primary measure of centrality, the node strength index was used to identify
the most central nodes. Accordingly, the results of the node strength centrality measure
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A hyperparameter of γ=.5 was employed to produce a network with higher specificity and sensitivity than
that of a smaller hyperparameter, such as .25 or .1. Sensitivity analyses using hyperparameters of γ=.25 and
γ=.1 were conducted, though are not reported here, to determine the appropriateness of a hyperparameter of
γ=.5. Network analyses using hyperparameters of γ=.25 and γ=.1 revealed a pattern of results that were not
ostensibly different than that of the network analysis presented in the current study, using a hyperparameter
of γ=.5. Because the hyperparameter of γ=.5 is more a conservative estimate than that of smaller
hyperparameters, and the pattern of results between all three hyperparameters tested were nearly identical,
the network analysis using a hyperparameter of γ=.5 is presented to produce a network with higher
specificity and sensitivity.
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suggest that suicidal ideation, IDU, substance use, and depression were the most central
nodes. However, none of these nodes were significantly more central than the others (all
95% CIs crossed zero).

Chapter 4: Discussion
The present study is the first to examine interrelationships between syndemic
conditions, comparing network analysis to EFA. The results suggest that network
analysis is a feasible approach to investigate interrelationships among syndemic
conditions. Whereas EFA reveals latent variables, of which observed variables
(indicators) are measures (Kline, 2011), network analysis treats observed variables
(nodes) as interacting and reinforcing elements of the overarching concept that is
examined (Borsboom & Cramer, 2013; Cramer et al., 2010). In other words, in the
present study, network analysis examines psychosocial conditions as aspects of a
syndemic that interact with and reinforce one another, rather than measures of a
syndemic, as is the case in EFA. Given this difference in assumptions underlying the two
approaches, network analysis may be more consistent with syndemic theory and a more
methodologically preferable approach than EFA for examining patterns of
interrelationships among psychosocial conditions that comprise a syndemic. The
syndemic conditions included in the present study were psychosocial problems that
theoretically could be related to one another and/or related to poor health behavior that
were selected from available data. Indeed, the results of the present study demonstrate the
feasibility of network analysis to examine psychosocial syndemic conditions and provide
more information than EFA regarding the interrelationships of these conditions.
Four significant partial polychoric correlations between psychosocial syndemic
conditions were revealed in the network analysis (Figure 2). Significant edges were found
between depression and suicidal ideation, social anxiety and suicidal ideation, suicidal
ideation and IDU, as well as IDU and substance use, all of which were positive
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associations. The positive association between IDU and non-intravenous substance use
was not unexpected given the theoretical overlap between non-intravenous substance use
and IDU, as well as the overlap evidenced in these data, which showed that 18 of the 19
(9.3% and 9.8% of the sample, respectively) participants in this sample who engaged in
IDU also engaged in non-injection substance use in the past 3 months. Similarly, the
positive relationship found between depression and suicidal ideation is consistent with
depressive symptomatology, as suicidal ideation is a symptom of depression (American
Psychiatric Association, 2013). Therefore, one would expect a positive association
between the eight other symptoms of depression, as measured in the depression node, and
suicidal ideation to be present in the current network analysis. Suicidal ideation was
included in the network as a separate node due to its clinical importance and severity.
Two significant positive edges were also identified between suicidal ideation and
other psychosocial conditions (i.e., IDU and social anxiety). However, a relationship
between depression and IDU was not found in this network, and the relationship between
depression and social anxiety did not reach statistical significance, which may suggest
that suicidal ideation should be examined separately. The positive association found
between suicidal ideation and social anxiety is consistent with previous research on the
relationship between social anxiety, as well as other anxiety disorders, and suicidal
ideation. Specifically, social anxiety was found to be related to Joiner’s (2005) concept of
thwarted belongingness (Davidson, Wingate, Grant, Judah, & Mills, 2011), and anxiety
disorders more broadly, including social anxiety, were found to be a risk factor for
suicidal ideation (Sareen et al., 2005). Similarly, the positive association identified
between suicidal ideation and IDU is also consistent with extant literature. Suicidal
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ideation was found to be a risk factor for IDU (Fuller et al., 2002; Miller, Strathdee, Kerr,
Li, & Wood, 2006), and those who engage in IDU were more likely to report suicidal
ideation compared to those who do not (Havens, Sherman, Sapun, & Strathdee, 2006).
Suicidal ideation and IDU may have a significant relationship due to the common feature
of escape behavior that underlies both IDU and suicide. Indeed, the relationship between
IDU and suicidal ideation was the strongest significant edge in this network analysis
(b=.52).
Network analysis not only provides empirical information regarding relationships
between nodes, but also provides information on centrality, a measure of how
interconnected nodes are in the network (Figure 3). Results of the network analysis
revealed that the four most central nodes, according to their relative node strength, were
suicidal ideation, then IDU, followed by non-intravenous substance use, and then
depression. In the current network analysis, suicidal ideation appeared to be the node
with the greatest relative interconnectedness. In addition, suicidal ideation and IDU were
the nodes with the strongest relationship in the network analysis, and with the two highest
centralities, despite having relatively low base rates compared to other nodes in the
network (Table 1). Notably, suicidal ideation had three significant edges with other
nodes, despite only 19 (9.8%) participants endorsing having experienced any suicidal
ideation in the past two weeks. Similarly, IDU also evidenced a base rate of only 19
(9.8%) participants in the past 3 months. The strong relationship found between suicidal
ideation and IDU, as well as the high degree of centrality for both, despite both nodes
having relatively low base rates, indicates that although fairly uncommon, both suicidal
ideation and IDU may have important down-stream effects on other syndemic conditions.

32

In addition, as this sample was comprised of MSM at high risk for HIV, suicidal ideation
and IDU may also have implications for HIV acquisition risk behavior.
Given the cross-sectional nature of the present study, examination of temporality
and causality is not possible. However, the significant positive relationships between
suicidal ideation and depression, social anxiety, and IDU suggest that suicidal ideation
may be an important psychosocial condition in the HIV syndemic among high-risk, HIVnegative MSM. Suicidal ideation is of obvious clinical importance, though the
relationships found in the present study suggest that, among a sample of high-risk, HIVnegative MSM, the presence of suicidal ideation may indicate additional
psychopathology beyond depression, such as a social anxiety or IDU. And, conversely,
clinicians working with this population should be aware of the potential for suicidal
ideation among those with IDU or social anxiety, even in the absence of comorbid
depression.
Recent research points out that centrality should be interpreted with caution (Fried
et al., 2018). A node has high centrality in a cross-sectional network because it has a
relatively large total weight of undirected associations, and although high centrality may
suggest that a node is clinically important, merely being highly central is not sufficient to
conclude that a node should be a target of intervention (Fried et al., 2018). In other
words, nodes with high centrality may provide further evidence, in the context of extant
literature, that a specific node may be a relevant intervention target but should not be
taken as the sole evidence for clinical importance. However, in the present study, the four
nodes with the highest centrality (i.e., suicidal ideation, IDU, substance use, and
depression) are indeed all highly clinically relevant psychosocial conditions and/or have
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been shown to be related to HIV risk among MSM (e.g., Koblin et al., 2006; Safren,
Reisner, Herrick, Mimiaga, & Stall, 2010; Stall et al., 2003; Strathdee & Sherman, 2003).
Given both the extant literature on IDU, non-intravenous substance use, and depression
and suicidal ideation, as well as the findings of the current network analysis that suggest
the high degree of interconnectedness of these psychosocial syndemic conditions with the
other conditions in the network that comprise a syndemic, suicidal ideation, IDU,
substance use, and depression may be important targets of intervention for syndemics
among high-risk, HIV-negative MSM.
Notably, the pattern of interrelationships found in this network analysis may be
different in other samples, and is indeed different from the pattern of interrelatedness
found in a sample of young Latino MSM in Southern California (Lee et al., Under
Review). However, among the current sample, the significant edges in this network, in
the context of the low base rate of suicidal ideation and IDU, suggest that, when present
in an individual, suicidal ideation and IDU may have important relationships with other
syndemic psychosocial conditions. Suicidal ideation and IDU are severe presentations of
depression and substance use, and therefore may be especially important intervention
targets, in addition to depression and non-intravenous substance use, to reduce the effects
of syndemics on HIV acquisition risk.
Another noteworthy feature of the network analysis are the non-significant nonzero edges that were found. Edges that are depicted in the network (Figure 2) are nonzero edges. However, as previously discussed, only four edges reached statistical
significance. The remaining 20 edges in this network analysis did not achieve statistical
significance due to a 95% confidence interval that contained zero. However, in a
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regularized network, as in the current network analysis, the conventional interpretation of
a confidence interval is not applicable because the estimates in a regularized network
have been penalized or “shrunken” (Fried & Haslbeck, 2018). Owing to this
regularization of the network, parameter estimates are biased toward zero, and
subsequently, the bootstrapped confidence intervals of these parameters are also biased
toward zero. As such, there is some evidence that edges containing zero in the 95%
confidence interval may still be present in the true network of these psychosocial
syndemic conditions. A number of edges are depicted in the network (Figure 2) that
contain zero in the bootstrapped 95% confidence intervals, which suggest that IPV, CSA,
sexual compulsivity, and social anxiety may also have important interrelationships with
other psychosocial syndemic conditions among high-risk HIV-negative MSM. However,
future research is needed with larger sample sizes to further examine these associations.
In addition to the findings of the network analysis of the patterns of
interrelationships among psychosocial syndemic conditions, the EFA revealed a 1-factor
solution as the only admissible factor solution (Table 3). Based on the various methods
for determining potential factor solutions, the 1-, 2-, and 3-factor solutions were
examined. However, both the 2- and 3-factor solutions contained a factor loading greater
than 1.0, with uniqueness near zero, rendering the 1-factor solution the only admissible
solution. Upon further inspection, the 1-factor solution is not easily interpretable with
respect to the relationships between psychosocial syndemic conditions. Of note, heavy
drinking and CSA did not have substantial loadings (< .30), indicating they are weak
measures of a syndemic in this sample. However, in the network analysis (Figure 2),
CSA had a number of non-zero edges with other psychosocial syndemic conditions,
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including with heavy drinking, and heavy drinking also appeared to have a relatively
substantial, though non-significant, relationship with non-intravenous substance use.
Additionally, among this high-risk HIV-negative sample of MSM, the findings that CSA
and heavy drinking are not related are not consistent with prior research, which suggests
that CSA (Mimiaga et al., 2009) and alcohol use (Woolf & Maisto, 2009) are related to
increase HIV risk, as well as appear to be significantly related to other psychosocial
syndemic conditions (e.g., Mimiaga et al., 2015; O’Cleirigh et al., 2018). Indeed, another
network analysis of the relationships among psychosocial syndemic conditions and with
condomless anal sex among Latino MSM found that alcohol use and CSA were
significantly related, and alcohol use was also significantly related to condomless anal
sex (Lee et al., Under Review).
Moreover, the 1-factor solution provides little information regarding the ways in
which these psychosocial syndemic conditions are interrelated. Results of the EFA
suggest that one latent variable created the association between the observed variables
(Kline, 2011), but it is difficult to discern, from the EFA alone, the ways in which
psychosocial syndemic conditions are related to one another, and which would be
potentially important targets of intervention. However, it should be noted that there are
some similarities between the results of the EFA and the network analysis.
Suicidal ideation followed by IDU were found to have the largest factor loadings
in the EFA, and as stated previously, these were the two most central nodes and had the
strongest significant relationship in the network analysis. Also, the four psychosocial
syndemic conditions with the highest factor loadings were, in order, suicidal ideation,
IDU, depression, and social anxiety, all three of which were significantly related to

36

suicidal ideation in the network analysis. Although these similarities appear to support
the findings of the network analysis and the notion that network analysis is a feasible and
theoretically appropriate statistical method for examining the patterns of
interrelationships among psychosocial syndemic conditions, the information provided by
the EFA would have been less meaningful outside of the context of the information
provided by the network analysis. It is also notable that only the 1-factor solution was
admissible in this EFA. Prior research using structural equation modeling (Mustanski et
al., 2017), partitioned psychosocial syndemic conditions into theoretically-derived groups
of conditions: mental health, violence, and substance use. However, the results of this
EFA, which contained conditions in all three of those categories, suggest only that a 1factor solution was most appropriate for these data. Future research is warranted to
examine the number of latent variables that should be used to examine psychosocial
structural syndemic conditions.
Additional research to replicate and extend these findings in other samples is
warranted, as the patterns of interrelationships may be different among different samples
and populations. Indeed, future research should also consider the intersectionality of
minority status to examine the relationships between syndemic conditions across various
risk groups and minority statuses (e.g., Bowleg, 2012). Given the use of network analysis
to examine symptomatology of one or more conditions (Choi et al., 2017; Cramer et al.,
2010; Epskamp & Fried, 2016; Rhemtulla et al., 2016), future research should also
examine networks of each of the symptoms of syndemic conditions to better determine
which symptoms may be important in the relationships between syndemic conditions.
Future research should also investigate interaction effects of syndemics on HIV
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acquisition risk behavior. Additionally, due to the significant associations and the
relatively high degrees of centrality in the current network, additional research on the role
of depression and specific depressive symptoms, such as suicidal ideation, on the
interrelationships between syndemic conditions is needed. Similarly, the role of substance
use, especially IDU, on these interrelationships also merits additional research. Also,
given the prevalence of stimulant use in high-risk combinations of syndemic conditions,
as discussed previously (Mimiaga, OʼCleirigh, et al., 2015), and the relative importance
of IDU and non-intravenous substance use in the current network analysis, future
research should examine the effects of stimulant use in syndemic effects on negative
health behaviors. Lastly, future research should also examine causal relationships among
syndemic conditions.
The present study was not without limitations. As this study was cross-sectional
in design, the current analyses were not able to examine temporality and causality, and
only associations were analyzed and discussed. However, the results of the present study
suggest that network analysis is indeed a feasible methodology to examine
interrelationships among syndemic conditions, and may be methodologically preferable
to EFA. Additionally, this study investigated associations using self-reported data, which
may introduce bias in reporting. Future research should attempt to utilize clinicianadministered measures of syndemic conditions whenever possible to reduce such bias.
Another limitation of the present study was sample size, and the study would have
benefited from greater statistical power to detect associations. In addition, several
dichotomous measures were used in these analyses. In the network analysis, dichotomous
nodes with low base rates may not be as expected. Future research should also strive to
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use categorical or continuous data whenever possible. Lastly, non-intravenous substance
use and IDU were analyzed by examining the substance with the greatest frequency of
use in the past 3 months. This methodology does not account for polysubstance use, nor
any differences among substances.
In summary, the present study is one of the first network analyses, and the first to
compare network analysis to EFA, to examine patterns of interrelationships among
psychosocial syndemic conditions. The network analysis and EFA were conducted
among a sample of high risk HIV-negative MSM. The results of the present study suggest
that network analysis is statistically and theoretically appropriate for examining
associations between psychosocial syndemic conditions, and may be methodologically
preferable to EFA for such analyses. Results of the network analysis revealed four
significant positive associations between depression and suicidal ideation, social anxiety
and suicidal ideation, suicidal ideation and IDU, as well as IDU and substance use.
Additionally, the network analysis suggested that suicidal ideation, IDU, non-intravenous
substance use, and depression were the four most central nodes. These results were also
compared to those of the EFA, which suggested that the 1-factor solution was the only
admissible solution. In addition, several similarities were found between the EFA and the
network analysis, suggesting that network analysis is indeed feasible and appropriate, and
may provide more information on the pattern of interrelationships between syndemic
conditions. Thus, the results of the present study suggest that symptoms of depression,
especially suicidal ideation, as well as substance use, especially IDU, are particularly
important psychosocial syndemics to investigate and intervene upon among high risk
HIV-negative MSM.

References
American Psychiatric Association. (2013). Diagnostic and statistical manual of mental
disorders (DSM-5). American Psychiatric Pub.
Bache, S. M., & Wickham, H. (2014). magrittr: A Forward-Pipe Operator for R.
Retrieved from https://CRAN.R-project.org/package=magrittr
Bernaards, C., & Jennrich, R. (2014). GPArotation: GPA Factor Rotation. Retrieved
from https://CRAN.R-project.org/package=GPArotation
Blashill, A. J., Tomassilli, J., Biello, K., O’Cleirigh, C., Safren, S. A., & Mayer, K. H.
(2016). Body dissatisfaction among sexual minority men: Psychological and
sexual health outcomes. Archives of Sexual Behavior, 45(5), 1241–1247.
https://doi.org/10.1007/s10508-015-0683-1
Boccaletti, S., Latora, V., Moreno, Y., Chavez, M., & Hwang, D.-U. (2006). Complex
networks: Structure and dynamics. Physics Reports, 424(4), 175–308.
https://doi.org/10.1016/j.physrep.2005.10.009
Borkulo, C. D. van, & Millner, with contributions from S. E. and A. (2016).
NetworkComparisonTest: Statistical Comparison of Two Networks Based on
Three Invariance Measures. Retrieved from https://CRAN.Rproject.org/package=NetworkComparisonTest
Borkulo, C. van, Epskamp, S., & Robitzsch, A. (2016). IsingFit: Fitting Ising Models
Using the ELasso Method. Retrieved from https://CRAN.Rproject.org/package=IsingFit
Borsboom, D., & Cramer, A. O. (2013). Network analysis: An integrative approach to the
structure of psychopathology. Annual Review of Clinical Psychology, 9, 91–121.
Bowleg, L. (2012). The problem with the phrase women and minorities:
Intersectionality—an important theoretical framework for public health. American
Journal of Public Health, 102(7), 1267–1273.
Bränström, R., & Pachankis, J. E. (2018). Validating the syndemic threat surrounding
sexual minority men’s health in a population-based study with national registry
linkage and a heterosexual comparison. JAIDS Journal of Acquired Immune
Deficiency Syndromes, 1. https://doi.org/10.1097/QAI.0000000000001697
Cattell, R. B. (1966). The scree test for the number of factors. Multivariate Behavioral
Research, 1(2), 245–276. https://doi.org/10.1207/s15327906mbr0102_10
Centers for Disease Control and Prevention. (2015). HIV Surveillance Report (No. 27).
Retrieved from http://www.cdc.gov/hiv/library/reports/hiv-surveillance.html
39

40

Centers for Disease Control and Prevention. (2016). Lifetime Risk of HIV Diagnosis by
Transmission Group. Presented at the Conference on Retroviruses and
Opportunistic Infections, Boston, MA. Retrieved from
http://www.cdc.gov/nchhstp/newsroom/2016/croi-2016.html#Graphics2
Centers for Disease Control and Prevention. (2018a). HIV Among Gay and Bisexual
Men. Retrieved from https://www.cdc.gov/hiv/group/msm/index.html
Centers for Disease Control and Prevention. (2018b). HIV Transmission. Retrieved from
https://www.cdc.gov/hiv/basics/transmission.html
Choi, K. W., Batchelder, A. W., Ehlinger, P. P., Safren, S. A., & O’Cleirigh, C. (2017).
Applying network analysis to psychological comorbidity and health behavior:
Depression, PTSD, and sexual risk in sexual minority men with trauma histories.
Journal of Consulting and Clinical Psychology, 85(12), 1158.
Connor, K. M., Davidson, J. R. T., Churchill, L. E., Sherwood, A., Weisler, R. H., & Foa,
E. (2000). Psychometric properties of the Social Phobia Inventory (SPIN). The
British Journal of Psychiatry, 176(4), 379. https://doi.org/10.1192/bjp.176.4.379
Costello, A. B., & Osborne, J. W. (2005). Best practices in exploratory factor analysis:
Four recommendations for getting the most from your analysis. Practical
Assessment, Research & Evaluation, 10(7), 1–9.
Cramer, A. O. J., Waldorp, L. J., van der Maas, H. L. J., & Borsboom, D. (2010).
Comorbidity: A network perspective. Behavioral and Brain Sciences, 33, 137–
193. https://doi.org/10.1017/S0140525X09991567
Davidson, C. L., Wingate, L. R., Grant, D. M., Judah, M. R., & Mills, A. C. (2011).
Interpersonal suicide risk and ideation: The influence of depression and social
anxiety. Journal of Social and Clinical Psychology, 30(8), 842–855.
https://doi.org/10.1521/jscp.2011.30.8.842
Epskamp, S., & Fried, E. I. (2016). A tutorial on regularized partial correlation networks.
ArXiv Preprint ArXiv:1607.01367.
Epskamp, S., Costantini, G., Haslbeck, J., Cramer, A. O. J., Waldorp, L. J., & Borsboom,
V. D. S. and D. (2017). qgraph: Graph Plotting Methods, Psychometric Data
Visualization and Graphical Model Estimation. Retrieved from https://CRAN.Rproject.org/package=qgraph
Falissard, B. (2012). psy: Various Procedures Used in Psychometry. Retrieved from
https://CRAN.R-project.org/package=psy

41
Ferlatte, O., Hottes, T. S., Trussler, T., & Marchand, R. (2014). Evidence of a syndemic
among young Canadian gay and bisexual men: Uncovering the associations
between anti-gay experiences, psychosocial issues, and HIV risk. AIDS and
Behavior, 18(7), 1256–1263.
Finkelhor, D. (1994). Current information on the scope and nature of child sexual abuse.
The Future of Children, 4(2), 31–53. https://doi.org/10.2307/1602522
Fox, J. (2016). polycor: Polychoric and Polyserial Correlations. Retrieved from
https://CRAN.R-project.org/package=polycor
Fox, J., Nie, Z., Byrnes, J., Culbertson, M., DebRoy, S., Friendly, M., … R-Core. (2017).
sem: Structural Equation Models. Retrieved from https://CRAN.Rproject.org/package=sem
Fried, E. I., & Haslbeck, J. (2018). Depression and (no) inflammation? Using network
analysis to examine links between individual depressive symptoms and
inflammatory markers. PsyArXiv. https://doi.org/10.31234/osf.io/84ske
Fried, E. I., Eidhof, M. B., Palic, S., Costantini, G., Huisman-van Dijk, H. M., Bockting,
C. L. H., … Karstoft, K.-I. (2018). Replicability and generalizability of
posttraumatic stress disorder (PTSD) networks: A cross-cultural multisite study of
PTSD symptoms in four trauma patient samples. Clinical Psychological Science,
6(3), 335–351. https://doi.org/10.1177/2167702617745092
Fried, S. E., & Fried, E. I. (2017). bootnet: Bootstrap Methods for Various Network
Estimation Routines. Retrieved from https://CRAN.Rproject.org/package=bootnet
Fuller, C. M., Vlahov, D., Ompad, D. C., Shah, N., Arria, A., & Strathdee, S. A. (2002).
High-risk behaviors associated with transition from illicit non-injection to
injection drug use among adolescent and young adult drug users: A case-control
study. Drug and Alcohol Dependence, 66(2), 189–198.
https://doi.org/10.1016/S0376-8716(01)00200-9
Gilman, S. E., Cochran, S. D., Mays, V. M., Hughes, M., Ostrow, D., & Kessler, R. C.
(2001). Risk of psychiatric disorders among individuals reporting same-sex sexual
partners in the National Comorbidity Survey. American Journal of Public Health,
91(6), 933.
Guadamuz, T. E., McCarthy, K., Wimonsate, W., Thienkrua, W., Varangrat, A.,
Chaikummao, S., … van Griensven, F. (2014). Psychosocial health conditions and
HIV prevalence and incidence in a cohort of men who have sex with men in
Bangkok, Thailand: Evidence of a syndemic effect. AIDS and Behavior, 18(11),
2089–2096. https://doi.org/10.1007/s10461-014-0826-8

42
Harrell Jr., F. E. (2018). Hmisc: Harrell Miscellaneous. Retrieved from https://CRAN.Rproject.org/package=Hmisc
Haslbeck, J. (2017). mgm: Estimating Time-Varying k-Order Mixed Graphical Models.
Retrieved from https://CRAN.R-project.org/package=mgm
Havens, J. R., Sherman, S. G., Sapun, M., & Strathdee, S. A. (2006). Prevalence and
correlates of suicidal ideation among young injection vs. noninjection drug users.
Substance Use & Misuse, 41(2), 245–254.
https://doi.org/10.1080/10826080500391811
Hayton, J. C., Allen, D. G., & Scarpello, V. (2004). Factor retention decisions in
exploratory factor analysis: A tutorial on parallel analysis. Organizational
Research Methods, 7(2), 191–205. https://doi.org/10.1177/1094428104263675
Hirshfield, S., Schrimshaw, E. W., Stall, R. D., Margolis, A. D., Downing Jr, M. J., &
Chiasson, M. A. (2015). Drug use, sexual risk, and syndemic production among
men who have sex with men who engage in group sexual encounters. Journal
Information, 105(9), 1849-1858.
Holgado–Tello, F. P., Chacón–Moscoso, S., Barbero–García, I., & Vila–Abad, E. (2010).
Polychoric versus Pearson correlations in exploratory and confirmatory factor
analysis of ordinal variables. Quality & Quantity, 44(1), 153.
https://doi.org/10.1007/s11135-008-9190-y
Horn, J. L. (1965). A rationale and test for the number of factors in factor analysis.
Psychometrika, 30(2), 179–185. https://doi.org/10.1007/BF02289447
Joiner, T. (2005). Why people die by suicide. Cambridge, Massachusetts: Harvard
University Press.
Kaiser, H. F. (1960). The application of electronic computers to factor analysis.
Educational and Psychological Measurement, 20(1), 141–151.
Kalichman, S. C., Johnson, J. R., Adair, V., Rompa, D., Multhauf, K., & Kelly, J. A.
(1994). Sexual sensation seeking: Scale development and predicting AIDS-risk
behavior among homosexually active men. Journal of Personality Assessment,
62(3), 385–397.
Kessler, R. C., Berglund, P., Demler, O., Jin, R., Merikangas, K. R., & Walters, E. E.
(2005). Lifetime prevalence and age-of-onset distributions of DSM-IV disorders
in the National Comorbidity Survey Replication. Archives of General Psychiatry,
62(6), 593–602.
Kline, R. B. (2011). Principles and practice of structural equation modeling (3rd ed.).
New York, NY: Guilford Press.

43

Koblin, B. A., Husnik, M. J., Colfax, G., Huang, Y., Madison, M., Mayer, K., …
Buchbinder, S. (2006). Risk factors for HIV infection among men who have sex
with men. AIDS, 20(5), 731–739.
https://doi.org/10.1097/01.aids.0000216374.61442.55
Ledesma, R. D., & Valero-Mora, P. (2007). Determining the number of factors to retain
in EFA: An easy-to-use computer program for carrying out parallel analysis.
Practical Assessment, Research & Evaluation, 12(2), 1–11.
Ledesma, R. D., Valero-Mora, P., & Macbeth, G. (2015). The scree test and the number
of factors: A dynamic graphics approach. The Spanish Journal of Psychology, 18.
https://doi.org/10.1017/sjp.2015.13
Lee, J. S., Safren, S. A., Bainter, S. A., Rodríguez-Díaz, C. E., Horvath, K. J., & Blashill,
A. J. (Under Review). Examining a syndemics network among young Latino men
who have sex with men. Archives of Sexual Behavior.
Lenderking, W. R., Wold, C., Mayer, K. H., Goldstein, R., Losina, E., & Seage, G. R.
(1997). Childhood sexual abuse among homosexual men. Journal of General
Internal Medicine, 12(4), 250–253. https://doi.org/10.1046/j.15251497.1997.012004250.x
Martinez, O., Arreola, S., Wu, E., Muñoz-Laboy, M., Levine, E. C., Rutledge, S. E., …
Carballo-Diéguez, A. (2016). Syndemic factors associated with adult sexual HIV
risk behaviors in a sample of Latino men who have sex with men in New York
City. Drug & Alcohol Dependence, 166, 258–262.
Mazumder, R., & Hastie, T. (2012). The graphical lasso: New insights and alternatives.
Electronic Journal of Statistics, 6, 2125–2149. https://doi.org/10.1214/12-EJS740
Miller, C. L., Strathdee, S. A., Kerr, T., Li, K., & Wood, E. (2006). Factors associated
with early adolescent initiation into injection drug use: Implications for
intervention programs. Journal of Adolescent Health, 38(4), 462–464.
https://doi.org/10.1016/j.jadohealth.2005.03.004
Mimiaga, M. J., Biello, K. B., Robertson, A. M., Oldenburg, C. E., Rosenberger, J. G.,
O’Cleirigh, C., … Safren, S. A. (2015). High prevalence of multiple syndemic
conditions associated with sexual risk behavior and HIV infection among a large
sample of Spanish-and Portuguese-speaking men who have sex with men in Latin
America. Archives of Sexual Behavior, 44(7), 1869–1878.
Mimiaga, M. J., Noonan, E., Donnell, D., Safren, S. A., Koenen, K. C., Gortmaker, S., …
Mayer, K. H. (2009). Childhood sexual abuse is highly associated with HIV risk–
taking behavior and infection among MSM in the EXPLORE study. Journal of

44
Acquired Immune Deficiency Syndromes (1999), 51(3), 340–348.
https://doi.org/10.1097/QAI.0b013e3181a24b38
Mimiaga, M. J., OʼCleirigh, C., Biello, K. B., Robertson, A. M., Safren, S. A., Coates, T.
J., … Mayer, K. H. (2015). The effect of psychosocial syndemic production on 4year HIV incidence and risk behavior in a large cohort of sexually active men
who have sex with men. JAIDS Journal of Acquired Immune Deficiency
Syndromes, 68(3), 329–336. https://doi.org/10.1097/QAI.0000000000000475
Mustanski, B., Garofalo, R., Herrick, A., & Donenberg, G. (2007). Psychosocial health
problems increase risk for HIV among urban young men who have sex with men:
Preliminary evidence of a syndemic in need of attention. Annals of Behavioral
Medicine, 34(1), 37–45.
Mustanski, B., Phillips, G., Ryan, D. T., Swann, G., Kuhns, L., & Garofalo, R. (2017).
Prospective effects of a syndemic on HIV and STI incidence and risk behaviors in
a cohort of young men who have sex with men. AIDS and Behavior, 21(3), 845–
857.
O’Cleirigh, C., Newcomb, M. E., Mayer, K. H., Skeer, M., Traeger, L., & Safren, S. A.
(2013). Moderate levels of depression predict sexual transmission risk in HIVinfected MSM: A longitudinal analysis of data from six sites involved in a
“Prevention for Positives” study. AIDS and Behavior, 17(5), 1764–1769.
https://doi.org/10.1007/s10461-013-0462-8
O’Cleirigh, C., Pantalone, D. W., Batchelder, A. W., Hatzenbuehler, M. L., Marquez, S.
M., Grasso, C., … Mayer, K. H. (2018). Co-occurring psychosocial problems
predict HIV status and increased health care costs and utilization among sexual
minority men. Journal of Behavioral Medicine, 1–8.
Opsahl, T., Agneessens, F., & Skvoretz, J. (2010). Node centrality in weighted networks:
Generalizing degree and shortest paths. Social Networks, 32(3), 245–251.
Parsons, J. T., Grov, C., & Golub, S. A. (2012). Sexual compulsivity, co-occurring
psychosocial health problems, and HIV risk among gay and bisexual men: Further
evidence of a syndemic. American Journal of Public Health, 102(1), 156–162.
Parsons, J. T., Millar, B. M., Moody, R. L., Starks, T. J., Rendina, H. J., & Grov, C.
(2017). Syndemic conditions and HIV transmission risk behavior among HIVnegative gay and bisexual men in a US national sample. Health Psychology,
36(7), 695.
R Core Team, Bivand, R., Carey, V. J., DebRoy, S., Eglen, S., Guha, R., … Inc. (2017).
foreign: Read Data Stored by “Minitab”, “S”, “SAS”, “SPSS”, “Stata”,
“Systat”, “Weka”, “dBase”, ... Retrieved from https://CRAN.Rproject.org/package=foreign

45

R Development Core Team. (2016). R: A Language and Environment for Statistical
Computing (Version 3.3.2) [Windows]. Vienna, Austria: R Foundation for
Statistical Computing. Retrieved from http://www.R-project.org
Raiche, G., & Magis, D. (2011). nFactors: Parallel Analysis and Non Graphical
Solutions to the Cattell Scree Test. Retrieved from https://CRAN.Rproject.org/package=nFactors
Reisner, S. L., Mimiaga, M. J., Skeer, M., Bright, D., Cranston, K., Isenberg, D., …
Mayer, K. H. (2009). Clinically significant depressive symptoms as a risk factor
for HIV infection among black MSM in Massachusetts. AIDS and Behavior,
13(4), 798–810.
Revelle, W. (2018). psych: Procedures for Psychological, Psychometric, and Personality
Research. Retrieved from https://CRAN.R-project.org/package=psych
Rhemtulla, M., Fried, E. I., Aggen, S. H., Tuerlinckx, F., Kendler, K. S., & Borsboom, D.
(2016). Network analysis of substance abuse and dependence symptoms. Drug &
Alcohol Dependence, 161, 230–237.
Rogers, G., Curry, M., Oddy, J., Pratt, N., Beilby, J., & Wilkinson, D. (2003). Depressive
disorders and unprotected casual anal sex among Australian homosexually active
men in primary care. HIV Medicine, 4(3), 271–275.
Safren, S. A., Blashill, A. J., & O’Cleirigh, C. M. (2011). Promoting the sexual health of
MSM in the context of comorbid mental health problems. AIDS and Behavior,
15(1), 30–34. https://doi.org/10.1007/s10461-011-9898-x
Safren, S. A., Reisner, S. L., Herrick, A., Mimiaga, M. J., & Stall, R. (2010). Mental
health and HIV risk in men who have sex with men. Journal of Acquired Immune
Deficiency Syndromes (1999), 55(Suppl 2), S74–S77.
https://doi.org/10.1097/QAI.0b013e3181fbc939
Santos, H., Fried, E. I., Asafu‐Adjei, J., & Ruiz, R. J. (2017). Network structure of
perinatal depressive symptoms in Latinas: Relationship to stress and reproductive
biomarkers. Research in Nursing & Health, 40(3), 218–228.
Sareen, J., Cox, B. J., Afifi, T. O., de Graaf, R., Asmundson, G. J. G., ten Have, M., &
Stein, M. B. (2005). Anxiety disorders and risk for suicidal ideation and suicide
attempts: A population-based longitudinal study of adults. Archives of General
Psychiatry, 62(11), 1249–1257. https://doi.org/10.1001/archpsyc.62.11.1249
Scott, J. (2017). Social network analysis (2nd ed.). Los Angeles, CA: SAGE.

46
Singer, M. (1994). Aids and the health crisis of the U.S. urban poor; The perspective of
critical medical anthropology. Social Science & Medicine, 39(7), 931–948.
https://doi.org/10.1016/0277-9536(94)90205-4
Spitzer, R., Kroenke, K., Williams, J., & and the Patient Health Questionnaire Primary
Care Study Group. (1999). Validation and utility of a self-report version of primemd: The PHQ primary care study. JAMA, 282(18), 1737–1744.
https://doi.org/10.1001/jama.282.18.1737
Stall, R., Friedman, M., & Catania, J. A. (2008). Interacting epidemics and gay men’s
health: A theory of syndemic production among urban gay men. In R. J. Wolitski,
R. Stall, & R. O. Valdiserri (Eds.), Unequal opportunity: Health disparities
affecting gay and bisexual men in the United States (Vol. 1, pp. 251–274). New
York: Oxford University Press.
Stall, R., Mills, T. C., Williamson, J., Hart, T., Greenwood, G., Paul, J., … Catania, J. A.
(2003). Association of co-occurring psychosocial health problems and increased
vulnerability to HIV/AIDS among urban men who have sex with men. American
Journal of Public Health, 93(6), 939–942. https://doi.org/10.2105/AJPH.93.6.939
Starks, T. J., Millar, B. M., Eggleston, J. J., & Parsons, J. T. (2014). Syndemic factors
associated with HIV risk for gay and bisexual men: Comparing latent class and
latent factor modeling. AIDS and Behavior, 18(11), 2075–2079.
Strathdee, S. A., & Sherman, S. G. (2003). The role of sexual transmission of HIV
infection among injection and non-injection drug users. Journal of Urban Health,
80(3), iii7-iii14. https://doi.org/10.1093/jurban/jtg078
Tsai, A. C., & Burns, B. F. (2015). Syndemics of psychosocial problems and HIV risk: A
systematic review of empirical tests of the disease interaction concept. Social
Science & Medicine, 139, 26–35.
Tsai, A. C., & Venkataramani, A. S. (2016). Syndemics and health disparities: A
methodological note. AIDS and Behavior, 20(2), 423–430.
UNAIDS. (2016). UNAIDS Fact Sheet November 2016. Retrieved from
http://www.unaids.org/sites/default/files/media_asset/UNAIDS_FactSheet_en.pdf
Wickham, H., & Chang, W. (2016). ggplot2: Create Elegant Data Visualisations Using
the Grammar of Graphics. Retrieved from https://CRAN.Rproject.org/package=ggplot2
Wickham, H., Francois, R., Henry, L., & Müller, K. (2017). dplyr: A Grammar of Data
Manipulation. Retrieved from https://CRAN.R-project.org/package=dplyr

47
Wickham, H., Hester, J., & Francois, R. (2017). readr: Read Rectangular Text Data.
Retrieved from https://CRAN.R-project.org/package=readr
Williams, J. K., Wilton, L., Magnus, M., Wang, L., Wang, J., Dyer, T. P., … Cummings,
V. (2015). Relation of childhood sexual abuse, intimate partner violence, and
depression to risk factors for HIV among black men who have sex with men in 6
US cities. American Journal of Public Health, 105(12), 2473–2481.
https://doi.org/10.2105/AJPH.2015.302878
Wilton, J. (2011). From exposure to infection: The biology of HIV transmission. CATIE
Prevention in Focus, Fall 2011.
Woolf, S. E., & Maisto, S. A. (2009). Alcohol use and risk of HIV infection among men
who have sex with men. AIDS and Behavior, 13(4), 757–782.
https://doi.org/10.1007/s10461-007-9354-0

Figures

Figure 1. Exploratory factor analyses scree plot of the eigenvalues.
Note. The acceleration factor (AF), above in blue, indicates the point at which the scree
plot elbows.
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Figure 2. Network analysis of nine syndemic conditions.
Note. Blue edges represent positive associations, whereas red edges represent negative
associations. Thicker and darker edges indicate stronger associations than do thinner and
lighter edges. * Indicates a significant edge (pairwise association) between two nodes
(i.e., SI—IDU, SU—IDU, SAD—SI, DEP—SI). For full node names, refer to the legend
in the figure.
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Figure 3. Parameter estimates and 95% confidence intervals for edges in the network.
Note. Red dots represent the parameter estimates of the edge weights. Grayed out areas
represent the bootstrapped 95% confidence intervals for the edge weights. Full node
names are: substance use (SU), suicidal ideation (SI), sexual compulsivity (SC), social
anxiety (SAD), intimate partner violence (IPV), injection drug use (IDU), heavy drinking
(HD), depression (DEP), childhood sexual abuse (CSA).
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Figure 4. Centrality measures of each node in the network analysis.
Note. z-Scores are presented on the x-axis for each centrality measure. Full node names
are: substance use (SU), suicidal ideation (SI), sexual compulsivity (SC), social anxiety
(SAD), intimate partner violence (IPV), injection drug use (IDU), heavy drinking (HD),
depression (DEP), childhood sexual abuse (CSA).

Tables
Table 1. Descriptive Statistics
Variable
Age

Mean (SD)
[Range]
36.6 (11.64)
[19 – 67]
N (%)

Gender
Cisgender Male
Transgender
Sexual Orientation
Homosexual/Gay
Bisexual
Heterosexual/Straight
Don’t know
Other
Race1
Asian
Black/African-American
White
Alaskan Native/
American Indian
Native Hawaiian/
Other Pacific
Islander
Multi-racial/Other
Ethnicity
Hispanic/Latino
Non-Hispanic/Latino
Education
High School Diploma or
less
Some college or AA/
Vocational/Tech
degree
4-year college degree or
greater
Missing data
Income
Less than $10,000
$10,000-29,999
$30,000-49,999
50,000 or more
Missing data

Variable
Depression
Social Anxiety

190 (97.9%)
4 (2.1%)

Sexual Compulsivity

151 (77.8%)
35 (18.0%)
4 (2.1%)
1 (0.5%)
3 (1.5%)

Suicidal Ideation
Not at all
Several days or more
Substance Use
Did not use
Once a month or less
About once a week
Several times a week
Once a day or more
Injection Drug Use
Did not use
Once a month or less
Once a week or more
Heavy Drinking
Did not use
Once a month or less
About once a week
Once a week or more
Childhood Sexual Abuse
No
Yes
Intimate Partner Violence
No
Yes, but this has
rarely happened
Yes, this has
sometimes
happened
Yes, this has
happened often

7 (3.6%)
40 (20.6%)
139 (71.6%)
4 (2.1%)
2 (1.0%)
6 (3.1%)
29 (14.9%)
165 (85.1%)
44 (27.7%)
70 (36.1%)
79 (40.7%)
1 (0.5%)
53 (27.3%)
56 (28.9%)
34 (17.5%)
50 (25.8%)
1 (0.5%)

Mean (SD)
[Range]
4.26 (5.16)
[0 – 24]
11.32 (12.75)
[0 – 60]
15.88 (5.52)
[10 – 40]
N (%)
175 (90.2%)
19 (9.8%)
89 (45.9%)
48 (24.7%)
30 (15.5%)
16 (8.2%)
11 (5.7%)
175 (90.2%)
13 (6.7%)
6 (3.1%)
77 (39.7%)
62 (32.0%)
38 (19.6%)
17 (8.8%)
117 (60.3%)
77 (39.7%)
97 (50.0%)
49 (25.3%)
30 (15.5%)
18 (9.3%)

Note. 1Totals for race may not equal 194 as participants could select more than one
response option.
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Table 2. Polychoric Correlation Matrix
DEP
1
DEP
SAD 0.53***
SC 0.33***
0.56***
SI
SU 0.18**
IDU 0.30**
HD 0.04
CSA 0.19*
IPV 0.39***

SAD
1
0.29***
0.52***
0.08
0.19
0.04
0.13
0.35***

SC
1
0.27**
0.20**
0.16
0.11
0.10
0.23**

SI
1
0.23
0.66***
0.04
0.04
0.37**

SU
IDU
HD
1
0.55***
1
0.32*** 0.08
1
0.25** 0.26
-0.11
0.14
0.34** -0.01

CSA
1
0.32**

IPV
1

Note. Full variable names are: depression (DEP), social anxiety (SAD), sexual
compulsivity (SC), suicidal ideation (SI), substance use (SU), injection drug use (IDU),
heavy drinking (HD), childhood sexual abuse (CSA), intimate partner violence (IPV).
*** p < .001
** .001 < p < .01
* .01 < p < .05
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Table 3. Exploratory Factor Analyses Results
Eigenvalues

3.156

1.357

1.174

.939

.728

Suicidal Ideation
Injection Drug Use
Depression
Social Anxiety
Intimate Partner Violence
Substance Use
Sexual Compulsivity
Childhood Sexual Abuse
Heavy Drinking
SS Loadings
Proportional Variance
Degrees of Freedom
Model Fit

.620

.456

.414

.157

1-Factor Solution
Factor 1 Loadings
.849
.687
.657
.583
.498
.369
.361
.212
.087
2.531
.281
27
1.109

Note. Factor loadings with an absolute value ≥ .30 are presented in bold, corresponding to
the factors reported in text.

